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Linear vs. Non-linear Jobs
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Stylized Facts
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Occupational mean annual hours Occupational hourly wages
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Stylized Facts
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Stylized Facts

Linar vs. Non-linear Jobs

TABLE 1—DATA MOMENTS: CPS (1986-1995)

Employment log mean log mean Std. log Std. log
share hours wages hours wages

Panel A. Men
Nonlinear 0.60 7.73 2.59 0.22 0.45
Linear 0.40 7.57 2.22 0.32 0.47
Aggregate 1.00 7.67 2.46 0.26 0.46
Panel B. Women
Nonlinear 0.37 7.50 2.25 0.39 0.48
Linear 0.63 7.35 1.89 0.50 0.47
Aggregate 1.00 7.40 2.04 0.46 0.48
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Convex Wage Profile
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Exogenous Parameters
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A TJL—>3Y>
Simulated Method of Moments (SMM)

TABLE 2—CALIBRATION OF BASELINE ECONOMY

Parameter Value Target Data Model
e, —0.1758  ENt 0.60 0.61
os, 0.3290  sd(Inw,, ;) 0.45 0.49
o 0.1877  sd(Inw,,) 0.47 0.42
[ 0.4589 Inh,, 7.67 7.67
o 0.9429  sd(Inh,) 0.26 0.26
Pay.a, 0.3114 Inw,, yp — Inw,, 1 0.37 0.36
Pana 0.6886 gender corr. of log wages 0.43 0.43
P, 0.5056 gender corr. of log hours 0.02 0.02

Note: The baseline economy features 6; = 0.6, 6, = 0.2, h = 2,500, 1,, = 0,7, = 500,
and vy = 3.

» BEHBIOE—XVETHE. Vx4 —F vV FETILDSDER
» BUTBRNDCETDOERIBVWIARE. Do —F vy LT, <T; ICL>TELD

9/19



Untargeted Moments

TABLE 3—GENDER GAPS, BASELINE MODEL

Gender gap Data Model
Panel A. Aggregate Economy

Occupation 0.24 0.09
Hours 0.27 0.29
Wages 0.42 0.12
Panel B. By Occupation

Hours NL 0.23 0.22
Wages NL 0.34 0.082
Hours L 0.23 0.35
Wages L 0.35 0.103

» Occupation |& NL DE|G DFEZ7=. Hours, Wages |3 #BUBD E %=
» ZDEIEGZETILAEIR
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Variance in Hours Worked

Dispersion in Hours and Mean Wages Mean Hours and Dispersion in Hours
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3 Types of Jobs

Data moments, CPS, 1976-2015.

Emp. share Log mean h Var log h Log mean w Var log w Log mean e Var log e
H 1/3 7.70 0.10 2.61 0.33 10.32 0.46
M 1/3 7.59 0.15 2.28 0.28 9.87 0.48
L 1/3 7.46 0.24 1.93 0.29 9.41 0.60
gap H-M 0 0.114 —-0.047 0.334 0.053 0.450 -0.012
gap L-M 0 -0.134 0.093 —-0.346 0.013 —-0.47 0.122
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A Generalized Roy Model
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Quantitative Properties
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Calibration
Linear vs. Non-linear
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Calibration
Target Moments

Data

Target Non-linear Linear
log mean hours occ. H 7.705 7.707 7.717
log mean hours occ. M 7.590 7.591 7.591
log mean hours occ. L 7.456 7.454 7.447
log mean wages occ. H 2.611 2.611 2.610
log mean wages occ. M 2.277 2.276 2.272
log mean wages occ. L 1.931 1.931 1.933
share of emp. occ. H 0.333 0.333 0.324
share of emp. occ. M 0.333 0.333 0.337
var log wages occ. H 0.334 0.332 0.339
var log wages occ. M 0.281 0.287 0.291
var log wages occ. L 0.294 0.290 0.257
var log hours occ. H 0.099 0.100 0.114
var log hours occ. M 0.146 0.147 0.156
var log hours occ. L 0.239 0.238 0.223
Loss Functionx (107°) - 6.47 246.7
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Calibration
Untargeted Moments

Non-targeted dimensions.

Data Non-linear Linear
Mean Log Earnings
Occ H 10.322 10.339 10.313
Occ M 9.872 9.889 9.834
Occ L 9.407 9.420 9.336
Log Earn Gap H-M 0.449 0.450 0.479
Log Earn Gap L-M —0.466 —0.469 —0.497
Var Log Earnings
Occ H 0.464 0.480 0.413
Occ M 0.476 0.486 0.379
Occ L 0.598 0.621 0.381
Var log earn- Var log wages
Occ H 0.130 0.147 0.074
Occ M 0.195 0.199 0.088
Occ L 0.304 0.331 0.123
Corr of log hours and log wages
Occ H 0.075 0.130 -0.102
Occ M 0.115 0.127 -0.161
Occ L 0.120 0.177 —-0.208
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Erosa et al. (2022)
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